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spherical nature of the data set:
= |nput: Two locations L1 and L2

distance (L, L,)=a-A(phi)+B-A (theta)+v-A (x) e FE T

Summary and Future Work

= Both methods show promising results

o L, = a,f,y areweights Modified Moving Least Squares (MLS) = They have advantages and disadvantages in different regions
A  A(phi) and A(theta) are geodesic = In the future a combination of both may merged to a more precise
! distances between L1 and Lz (see figure) j ' reconstruction o _ |
L1 — ] . . ) 1 3 = Further improvements may allow a estimating the glacial changes in
= A(r) is the depth difference between L1 and : " multiple seawater properties and guide the analysis of existing and the
L2 ) future collection of sediment cores
= Machine-learning pre-processing step performed

to estimate good values fora , B andy

Physical Boundaries of the Ocean
= Consideration of ocean

$ . boundary to iImprove
: reconstruction results
= Core samples partitioned into
ﬁ' bathymetry-based subsets
o = sediment cores Mid-Atlantic Ridge eator ® COres of not  directly

connected subsets are
ignored
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